MCGIH A Synthetic Data Generation Pipeline for Point-Cloud-Based Rebar Segmentation
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Motivation Method

Rebar recognition drives automation in reinforcement work
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Quality Control Robotic Manipulation

Segmenting rebars from 30D point clouds vs. 2D images:
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Experiment & Results Extension

Reconstruction GT Prediction Our pipeline can be easily generalized to other rebar recognition tasks [']
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Rebar Segmentation from Images
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